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ABSTRACT: This paper examines how global personality psychology frameworks, i.e. MBTI, Enneagram, Socionics 

and others, could be employed in the video gaming spheres of AI, matchmaking, and procedurally generated content 

(PCG). Building off of psychological profiles, this will result in a type of fluid-dynamic game experience which is able 

to go beyond standard metrics of skill. Our claims posit that AI can, as a result of personality, show the ability to act in 

sophisticated and nuanced mannerisms; matchmaking systems can factor in cognitive compatibility through a 

personality lens; and PCG can generate personalized experiences and content which can heighten player immersion and 

engagement through personalized interactions and landscapes. 
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I. INTRODUCTION 

 

the integration of personality psychology. Current AI and matchmaking algorithms predominantly rely on quantifiable 

metrics such as skill levels and in-game performance, neglecting the profound influence of cognitive and emotional 

factors on player experience. Oftentimes overlooking things results in AI interaction that’s too predictable and 

ensemble compositions that don’t mix just right, and content that gets generated algorithmically just doesn’t really 

resonate personally 

 

This research posits that weaving together well-established frameworks for personality, like Myers-Briggs Type 

Indicator (MBTI), Enneagram, Socionics, along with Attitudinal Psyche and Instinctive Differences, can really upend 

game design. These models really dive deep into how different people think, communicate and make decisions and they 

allow AI to emulate subtle behaviors that mean a lot about who people are. Think about character conversations and 

actions constantly changing depending on whether or not a player comes across as kind, witty, bold or playful, so NPCs 

really know who they’re dealing with. Also, come up with matchmaking online where players get matched up based on 

cognitive compatibility to heighten group harmony and play together better. This kind of match making boosts team 

spirit and plays together well. In addition, procedural content generation (PCG) goes beyond being just a random 

generator and rises up to becoming a really clever system that customizes game environments, quests and challenges 

right to each person's personal taste and preferences 

 

By developing a framework that integrates these psychological models into AI, matchmaking, and PCG, this research 

aims to create a more immersive, engaging, and personalized gaming experience. Players who play in very strategic 

and deep-thinking ways will find games and challenges that match their analytical minds, while players who like to act 

impulsively and do things quickly and decisively will get play that really suits their style too. This way of doing things 

is not just better at letting people really get into story and game  recruiting them to really be part of it  but it also opens 

up vast new channels to make story, to go deep and really connect emotionally with players. The potential of 

personality-driven AI to create more human-like interactions, optimize team dynamics, and personalize world-building 

represents a significant advancement in game design, promising to redefine the future of interactive entertainment. 
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II. LITERATURE REVIEW 

 

1.Player Modeling and the Call for Psychological Depth: 

Classic game AI and matchmaking strategies are largely skill-based, without considering the rich psychological aspects 

that have a large impact on player experience (Yannakakis & Togelius, 2018). Drachen, Canossa, and Yannakakis 

(2009) showed the effectiveness of using self-organizing maps for player modeling in order to understand player 

behavior in "Tomb Raider: Legend," and the potential for adaptive AI to maximize engagement. Yet these models tend 

to fall short in depth to catch the rich complexity of player drives and emotional reactions. 

 

Studies by Lazzaro (2004) and Yee (2006) focused on the variety of motivations for playing, postulating that players 

are motivated by aspects other than basic skill mastery. Bartle's (1996) pioneering study of player types further 

highlighted the significance of understanding differences in preference among individuals. Aside from skill, the 

involvement of psychological aspects, as studied by Cowley et al. (2008) in the case of MMORPGs, is essential to the 

development of more engaging and rewarding experiences. 

 

Poels and de Kort (2012) placed the role of game features in creating negative emotions at the forefront, supporting the 

generation of AI and PCG systems that take into account the emotional state of the player. Ravaja (2009) offered a 

psychophysiological approach to the affective effects of digital games, stressing the primacy of emotional reactions to 

AI interaction. Eagle and Barnes (2009) discussed how cognitive styles shape learning within MMORPGs, proposing 

that AI must respond to varied cognitive styles. 

 

2.Personality-Based AI and Social Interaction: 

 

The area of AI in games is moving from rule-based systems to more advanced agents that can demonstrate personality-

based behaviors. Cassell (2000) investigated embodied conversational agents, setting the stage for AI that can 

participate in meaningful social interactions. Gratch et al. (2007) worked on developing believable virtual humans for 

social training, with a focus on personality in AI believability. Traum and Marsella (2006) explored negotiation and 

trust in multi-agent interaction, applicable to building AI that builds intricate relationships with players. 

 

The incorporation of affective AI, as explained by Marsella and Gratch (2009), is important for developing AI capable 

of dynamically adapting to player feelings and actions. Swartjes, Theune, and Eggen (2008) experimented with the 

creation of emotionally tinged stories for games, proving the ability of AI to craft individualized stories. Cavazza, 

Charles, and Mead (2002) addressed character-driven interactive storytelling, also emphasizing the application of AI in 

developing dynamic and interactive stories. 

 

3.Sophisticated Methods in Game AI and PCG: 

 

Deep reinforcement learning provides promising directions for developing AI that can learn to suit player tastes. 

Shrestha and Vassiliadis (2019) showed the viability of employing deep reinforcement learning for personalized game 

content generation. Volz and Togelius (2017) investigated evolving expressive content with deep neural networks, 

proposing new directions for PCG. 

 

Graph neural networks (GNNs) offer robust means of modeling social dynamics in games. Although Kipf and Welling 

(2016) and Hamilton, Ying, and Leskovec (2017) considered general uses of GNNs, their work lays the groundwork for 

applying GNNs to model sophisticated social relationships between players and AI characters. Variational 

autoencoders (VAEs), as described by Kingma and Welling (2013) and Bousmalis et al. (2017), offer a way to create 

personalized content based on player behavior. 

 

4.Ethical and Psychological Issues: 4.Ethical and Psychological Issues: 

 

When using personality profiles in games, there are some really big ethical conundrums that pop up. Floridi et al. In 

2018, they put forward an ethics approach to AI and stressed developing AI in responsible ways. O'Neil (2016) pointed 

to the dangers of algorithmic prejudice, stressing that fair and unprejudiced AI systems must be developed. 
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Turkle (2011) and Reeves and Nass (1996) investigated the psychological effects of technology on social interactions, 

highlighting the importance of paying close attention to how players interact with AI characters. These researches 

highlight that players are inclined to treat computers and AI as social beings, and therefore it is important to create AI 

that promotes positive and ethical interactions. 

 

III. METHODOLOGY 

 

This research introduces a super system to plug psychological traits of different people into RPGs and video games too 

- into the way names play decisions while also at the heart of generating content randomly based on the game. The 

methodology involves:: 

 

1.MBTI (Myers-Briggs Type Indicator): Implement cognitive function stacks (Hero, Parent, Child, Inferior, Shadow 

functions) to define AI decision-making and behavior. 

 

The integration of the Myers-Briggs Type Indicator (MBTI) into AI development allows for the creation of dynamic, 

psychologically complex artificial intelligence that can adapt its decision-making processes based on cognitive function 

stacks. Each different job that AI does has its own special way of making the machine act a certain way. 

 

Function Effect on AI Behavior 

Ni (Introverted Intuition) Predictive, long-term planner AI 

Ne (Extraverted Intuition) Creative, impulsive AI 

Ti (Introverted Thinking) Logical, problem-solving AI 

Te (Extraverted Thinking) Efficient, goal-oriented AI 

Fi (Introverted Feeling) Strong moral compass, emotional AI 

Fe (Extraverted Feeling) Emotionally expressive, social AI 

Si (Introverted Sensing) Detail-oriented, memory-based AI 

Se (Extraverted Sensing) Reactive, adaptable AI 

 

Beyond their main functions, AI personalities get even richer by growing those "dark skills" that show up during 

stressful times or during conflict situations. The Nemesis often goes head to head with the Hero and it shoves doubts 

and difficult struggles straight through that character. Sometimes ego gets in the way and conflicts become fierce. 

 

Function Role Purpose in AI Decision-Making Example in AI 

Primary (Hero) Core personality trait guiding decisions INTJ AI prioritizes long-term planning (Ni) 

Auxiliary (Parent) 
Supports primary function, provides 

balance 

ENTJ AI balances strategic planning (Te) with social 

awareness (Ni) 

Tertiary (Child) Child-like, less developed function 
INFJ AI is wise (Ni) but playful in personal expression 

(Fe) 

Inferior 

(Aspirational) 

Weakest function, but a point of 

potential growth 

INTP AI struggles with structured organization (Inferior 

Si) 

Nemesis (Shadow) 
Opposes Hero function, creates internal 

conflicts 

ENTP AI distrusts its own emotional instincts (Fi 

Nemesis) 

Critic (Weakness) Self-doubt function, harsh judgment ESTP AI struggles with long-term planning (Ni Critic) 

Blind Spot 

(Trickster) 
AI fails to recognize this function 

ISFJ AI struggles with seeing future possibilities (Ne 

Trickster) 

Demon 

(Destructive) 
Appears under stress, self-sabotage 

ENFP AI under stress becomes overly rigid and 

controlling (Te Demon) 
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A specific example of how these functions interact can be seen in an INTJ-based AI. Guided by introverted intuition as 

its lynchpin function, it really excels at crafting detailed long term plans and thinking way out ahead about future 

scenarios too. With its parent function as Extraverted Thinking, it works hard to structure and orchestrate efficiencies in 

its strategies. Think of T as it uses its strongest suit to be really organized and to efficiently plow ahead with tactics. 

Adding an idealism and emotional depth to a person is part of having Introverted Feeling functioning in Childhood 

level. But that doesn't necessarily mean those traits are fully developed. So there are flashes of spirit and heart there, 

but not strong, full forms just yet. However, its Inferior function, Extraverted Sensing, makes adaptability a challenge, 

leading to difficulties in adjusting to unpredictable circumstances. When an AI goes under pressure, growing stressful, 

it can become very controlling - as if a Te Demon rises up inside. It could also get paranoid, insane-like too, for what 

people call Ni Nightmare. These encounters create an AI that’s thoughtful and very strategic but also one that goes 

through internal struggles and grows over time. In essence, this results in personality and behavior that feels way more 

real and engaging to use and interact with during gameplay. 

 

2.Enneagram: Utilize core motivations, growth, and stress states to understand emotional depth and dynamic AI 

behavior. adds wings and Tritypes to make AI personality variations. 

 

Each Enneagram type has:Core Motivation: AI’s reason for acting,Growth State: How the AI improves,Stress State: 

How the AI worsens. 

 

Type Core Motivation 
Default AI 

Behavior 

In Growth (Comfort 

Zone) 
In Stress (Under Threat) 

Type 1: The 

Reformer 

Seeks perfection, 

avoids mistakes 

Methodical, 

follows rules 

Becomes more spontaneous 

& flexible (Type 7) 

Becomes critical, 

controlling (Type 4) 

Type 2: The 

Helper 

Seeks to be needed, 

fears being useless 

Generous, 

prioritizes 

teamwork 

Becomes independent 

(Type 4) 

Becomes resentful, 

manipulative (Type 8) 

Type 3: The 

Achiever 

Seeks success, fears 

failure 

Competitive, goal-

driven 

Becomes cooperative, 

selfless (Type 6) 

Becomes image-obsessed, 

deceitful (Type 9) 

Type 4: The 

Individualist 

Seeks uniqueness, 

fears insignificance 

Artistic, 

introspective 

Becomes more grounded, 

practical (Type 1) 

Becomes emotionally 

volatile, self-destructive 

(Type 2) 

Type 5: The 

Investigator 

Seeks knowledge, 

avoids dependency 

Logical, 

introverted 

Becomes more confident & 

assertive (Type 8) 

Becomes anxious, reclusive 

(Type 7) 

Type 6: The 

Loyalist 

Seeks security, fears 

uncertainty 

Cautious, alliance-

seeking 

Becomes relaxed, 

adventurous (Type 9) 

Becomes paranoid, 

aggressive (Type 3) 

Type 7: The 

Enthusiast 

Seeks excitement, 

avoids pain 

Playful, high-

energy 

Becomes more focused, 

strategic (Type 5) 

Becomes impulsive, 

reckless (Type 1) 

Type 8: The 

Challenger 

Seeks control, fears 

vulnerability 

Assertive, 

dominant 

Becomes more 

compassionate, protective 

(Type 2) 

Becomes ruthless, 

aggressive (Type 5) 

Type 9: The 

Peacemaker 

Seeks harmony, avoids 

conflict 

Easygoing, 

diplomatic 

Becomes more action-

driven, decisive (Type 3) 

Becomes avoidant, 

disconnected (Type 6) 

 

Tritype is a refined version of the Enneagram system that assigns a personality AI three dominant types—one from 

each of the three centers of intelligence: 

 

Head (Thinking Center: 5, 6, 7) → How the AI processes fear, logic, and decision-making.Heart (Feeling Center: 2, 3, 

4) → How the AI forms relationships, seeks validation, and expresses emotions.Gut (Instinctive Center: 8, 9, 1) → 
How the AI reacts instinctively to stress, control, and power dynamics. 
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Unlike a single Enneagram type, Tritype makes AI personalities more dynamic, giving them multiple layers of 

behavior:Primary Type: AI’s main motivation and fear.Secondary Type: How the AI supports its primary goal.Tertiary 

Type: How the AI responds under stress or social situations. 

 

3.Instinctual Variants: Based on hard wiring and what nature has hardwired us to care about most—basic survival and 

important social stuff—people come out different in how much they're willing to take risks, and also in how they style 

their interactions with others. The self-preservation (sp) instinct drives a focus on security, stability, and personal well-

being, making sp-first players more drawn to resource management and strategic planning in games. Social instinct 

primes us to care about team dynamics, status within the group, and engagement with others. So that's why players who 

think social first are really strong in games where folks team up together. (sx) desires deep connections, big thrills and 

high stakes, inspiring them to thrive especially when it comes to PvP battles that are high risk but also high reward. In 

gaming, AI-driven opponents and matchmaking systems can adapt to these instinctual preferences, while procedural 

content generation (PCG) can craft game worlds that cater to different instinctual styles, ensuring immersive and 

personalized experiences. 

 

4.Socionics: Socionics builds on cognitive functions to analyze interpersonal dynamics and decision-making, making it 

a powerful tool for NPC behavior and matchmaking. Different personality types process logic, ethics, sensing, and 

intuition uniquely, leading to varied playstyles and social interactions. For instance, an LSI AI (ISTj) might play 

methodically and prefer structured gameplay, while a SEE AI (ESFp) would be aggressive and unpredictable. Using 

Socionics could be really cool because it really helps pair buddies up according to how they think and process 

information. That way teams can relate to each other better, work better together and usually communicate more 

smoothly too. PCG can also customize game challenges based on Sio types, so players who are more analytical get 

tough puzzles and more action types get much more action - like fist fights and intense battles. This approach makes 

characters come alive and adds realism and engagement that enhances the authenticity and immersion of both NPC 

interactions and gameplay dynamics. 

 

5.Attitudinal Psyche (AP): Attitudinal Psyche categorizes players based on their attitudes toward logic (L), physics 

(F), emotion (E), and volition (V), influencing how they approach challenges, decision-making, and immersion. 

Logical types (LFVE, LFEV) prioritize strategy and efficiency, making them suited for complex problem-solving and 

resource optimization in games. On the other hand, emotion leaders lean toward deep stories, expressive interactions, 

and really immersive tales. AI can adapt in-game choices based on a player's AP type, ensuring that challenges, 

rewards, and decision trees align with individual cognitive preferences. Matchmaking can also benefit by grouping 

players with similar communication styles, while PCG can shape environments and quests that align with a player’s 
cognitive and emotional engagement, creating a more dynamic and tailored gaming experience. 

 

6.Temperaments: Temperaments shape how people naturally approach life, and the same goes for gaming. 

Melancholics are the deep thinkers who love strategy, lore that is rich and layered, and games that give us a sense of 

methodical play. They love to eek out every detail ahead of time, planning and plotting moves carefully. Cholerics are 

the competitive powerhouses, always chasing the next challenge, thriving in PvP battles and high-intensity action. 

Phlegmatics? They're the laid-back type who love to play together, explore new things together and enjoy playing co-

op games together. Then there are the Sanguines  they’re always the livewire at any gathering where they crave 

experiences that are super social and exciting. When AI matchmaking and games learn from actual play styles, it feels 

like the experience is super personal and really engaging now. 

 

System Focus PDAI (AI Behavior) Matchmaking 
PCG (Procedural 

Content Generation) 

Instinctual 

Variants 

Survival (sp), Social 

(so), Intensity (sx) 

AI adapts aggression, 

risk-taking, and 

cooperation. 

Groups players based on 

risk tolerance and social 

preference. 

Spawns environments 

and rewards based on 

instinctual drive. 

Socionics 
Logic, Ethics, 

Sensing, Intuition 

NPCs act based on 

Socionics type, creating 

dynamic interactions. 

Matches complementary 

types for better team 

synergy. 

Tailors quests, puzzles, 

and dialogue to cognitive 

styles. 

Attitudinal Logic (L), Physics AI choices adapt to Groups players with Adjusts puzzles, story, 
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System Focus PDAI (AI Behavior) Matchmaking 
PCG (Procedural 

Content Generation) 

Psyche (F), Emotion (E), 

Volition (V) 

player decision-making 

style. 

similar cognitive 

preferences. 

and difficulty based on 

AP type. 

Temperaments 

Melancholic, 

Choleric, 

Phlegmatic, 

Sanguine 

AI difficulty and 

behavior adjust to player 

temperament. 

Pairs players based on 

competitiveness and 

teamwork style. 

Generates missions, 

challenges, and pacing 

suited to temperament. 

 

IV. RESULT 

 

PDAI takes artificial intelligence in gaming to a whole new level by making it feel incredibly alive and special. Instead 

of settling for dialogue that feels stiff and crisp or stereotypes for NPCs, the game's interactions really dig deep and 

adapt according to who players meet and what they person are like. It uses advanced NLP models to create unique 

character dialogue, reinforcement learning to shape AI decision-making based on psychological traits, and graph neural 

networks to track evolving relationships. Even procedural content generation (PCG) becomes dynamic, adjusting quests 

and challenges to fit a player’s personality. That means no two players experience alike  every interaction, challenge 

and story moment is shaped uniquely by who they are. 

 

Component 
Traditional AI 

Approach 
PDAI Approach Training Process 

NLP (Natural 

Language Processing) 

Pre written dialogue and  

decision trees 

Transformer-based 

models fine-tuned for 

dialogues 

Train GPT,Llama,T5 on labeled text 

data;implement memory tracking. 

Reinforcement 

Learning (RL) 

Rewards normal success 

metrics 

Rewards behavior based 

on AI personality type 

Define unique reward functions per 

personality; use PPO to train AI 

behavior. 

Graph Neural 

Networks (GNNs) 

random relationship 

values 

AI relationships taken as 

evolving graphs 

AI adopts relationship weights by itself 

using on past data. 

Variational 

Autoencoders (VAEs) 

Random PCG without 

any characteristic traits 

AI makes PCG elements 

to each player 

Train VAEs on player data to make 

game content. 

Implementation 
AI follows rules, fixed 

matchmaking, static PCG 

AI adapts dynamically to 

player psychology 

Develop prototype with AI 

personalities, personalized 

matchmaking, and dynamic PCG. 

Player Identification Based on skill level 
Tracks in-game choices to 

understand personality 
Uses gameplay data for  profiling. 

 

To see how well PDAI truly enhances the gaming experience, by track everything from player engagement to 

immersion.we can track how long they play the game, how frequently they talk to the AI and how nicely they finish 

what they set out to do too. Immersion will be tested through surveys and even physiological data like heart rate and 

eye movement. That score for matchmaking is going to be measured on whether teamwork works and whether 

teammates have fun hanging out together. PCG will be evaluated based on how relevant and engaging players find the 

generated content. Finally, we’ll run direct comparisons with traditional AI through A/B testing to see just how much 

PDAI improves gameplay. 

 

V. CONCLUSION AND FUTURE WORK 

 

This research demonstrates the potential of integrating comprehensive psychological personality models into video 

game AI, matchmaking, and PCG. By creating AI that exhibits nuanced, personality-driven behaviors, matchmaking 

systems that consider cognitive compatibility, and PCG that generates personalized content, we can significantly 

enhance player immersion, engagement, and overall satisfaction. 
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Proposed is a robust hybrid neural network architecture that merges NLP along with reinforcement learning, Graph 

Neural Networks and Variational Autoencoders for implementing Purchasing Decision Alignment Intelligence (PDAI). 

This is like combining different tools to get the best performance. The integration of MBTI, Enneagram, Instinctual 

Variants, Socionics, Attitudinal Psyche, and Temperaments allows for the creation of rich, dynamic, and personalized 

game experiences. 

 

This move is an important leap in game design and marks a true big step towards redefining the entire future of 

interactive entertainment. Moving beyond skills measured strictly with numbers and just the letter grades, we know we 

can develop really interesting, meaningful games that stick with people in an even deeper way. People connect much 

more deeply emotionally with these kinds of games. It's not just about ticking boxes, so to speak. Future research 

should be on the finer details of honing personality detection for players and improving the networking models and 

researching in longer periods impact of Personality Detection and Interaction (PDAI) into players' behavior and 

interpersonal dynamics. 

 

it necessitates stringent ethical considerations. The collection and analysis of player psychological data demand 

unwavering commitment to data privacy, informed consent, and the mitigation of AI biases. Developers need to really 

pay attention to clear and transparent collection of data and make sure that anonymization and encrypting protocols are 

really strong. Players really need to have that extra tight control right at the level of what information they share and 

interact with AI. There should be a simple system to sign up or in and also a positive path for players to tweak how the 

AI behaves too. Furthermore, AI fairness is paramount, requiring vigilant efforts to avoid stereotyping and ensure 

adaptive personalization that reflects the dynamic nature of human personality. By focusing really hard on keeping 

players happy and proactively taking care of and checking out things that might negatively affect this happiness  and 

knowing exactly how to make the safest and healthiest path for players  the gaming world can go strong by using 

something called Positive Development and Impact Interaction or PDAI strong. By doing so players get better and 

more fun interactive stories while their rights are respected and the health of their brains is protected as well. 
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